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Abstract

Sepsis is a systemic inflammatory response syndrome caused by infection, which can lead to death. Early diagnosis can help to
reduce the mortality in sepsis. Recently studies on sepsis prediction using machine learning have been conducted. In this study,
we suggest the sepsis onset can be predictable from patient vital signs collected on MIMIC-1V. Seven vital sign measures selected
from the MIMIC-1V and their changes over time were calculated and used for input data. We evaluated AUROC and the accuracy
of vital signs by learning the LightGBM algorithm to predict the onset of sepsis. Our proposed model could be predicted sepsis
with AUROC 0.76 and accuracy 0.87 using vital signs 4-6 hours before onset. Our model can predict sepsis early through vital
signs, and these estimates can serve as important clinical indicators of a patient's condition, especially with regard to sepsis.
Further, we are going to develop a high-performance sepsis prediction model and patients monitoring system.
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