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Abstract

Digital hearing aids include signal processing technology that removes noise present in amplified sound due to the development
of various technologies. However, noise removed by signal processing technology has a warning sound notifying an operator of
danger, and there is a problem in that a wearer who does not recognize the removed warning sound is exposed to danger. In this
study, we proposed an MCNNs model that improved the performance of the PCNNs model, which can analyze sound data locally
with two domain layers. The proposed method is a model in which a general convolutional layer is added to the PCNNs model,
and experiments were conducted to learn and classify it in various ways than before. As a result of the experiment, it was expected
that the performance of the model would increase as the amount of data computation increased. However, it was confirmed that
the loss value increased due to the convolutional layer data added to improve the performance, and this decreased the model
performance.
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