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Infrared sensor noise learning with time delayed deep-learning
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Abstract

Infrared sensors are widely used in various fields because of their versatility. Recently, a study was conducted to measure the change in
shoulder height during respiration using an infrared sensor to measure the maximal inspiration state. The study showed a significant result in
confirming the state of maximum inspiration state, but the accuracy was somewhat lowered due to the noise of the infrared sensor sensitive to
the surrounding environment. Therefore, in this study, distance data was collected and pre-processed using an infrared sensor and a linear
displacement sensor. By filtering the noise of the infrared sensor data using a time delay neural network, it was confirmed that the data of the
infrared sensor was learned and outputted as the linear displacement sensor data.
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