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Abstract

Gingivitis and periodontal disease, the second most common diseases for the elderly over 65 years of age for outpatient treatment,
increase national medical expenses and become a burden on health insurance finances. In addition, since periodontal disease can
adversely affect not only daily life but also general health, various studies have been conducted to derive variables affecting the
prevalence of periodontal disease, but studies targeting the elderly population over 65 are insufficient. Therefore, in this study,
a predictive model was built and performance was evaluated after confirming the variables affecting periodontal disease using
data of the elderly population aged 65 years or older during the 6th period of the National Health and Nutrition Examination
Survey. These results can be used as base data for future periodontal disease as well as medical data analysis.
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