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Abstract

Post-traumatic stress disorder (PTSD) and major depressive disorder (MDD) share similar clinical symptoms, hindering
accurate diagnosis of two mental diseases. To assist accurate diagnosis of two diseases, in this study, we propose a novel feature
by extracting mean amplitude of event-related potential (ERP) to improve the performance of an electroencephalography (EEG)-
based computer-aided diagnosis (CAD) system for the two psychiatric disorders with comorbidities. The best classification
accuracy of 73.33 % was obtained when using one mean amplitude-based feature. Moreover, the used features would reflect the
altered cognitive-related traits in PTSD patients compared to MDD patients.
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