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Abstract

The size of the kidney has been used as a good indicator to determine the presence of kidney disease and to check the kidney
function. Recently, studies on the possibility that kidney diseases such as high blood pressure and kidney failure may occur
depending on the size of a child's kidney are being actively researched. Measurement of the child's kidney size and evaluation
of kidney growth through imaging tests provide very important information for the evaluation of children's kidney disease. In
predicting kidney parenchymal volume and kidney function, we intend to measure the kidney volume and use it as a better
index rather than simply using the length index of the kidney. Therefore, this study aims to develop a deep learning-based
kidney segmentation method for measuring kidney volume in children from ultrasound images. We trained using deep
learning-based SegFormer model, and Recall, Precision, and F1-Score were used to evaluate the segmentation ability of the
proposed model. The performance of the proposed partitioning model was more than 90% on average. In conclusion, we
developed an algorithm with more accurate kidney segmentation accuracy to measure kidney volume in ultrasound images.
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