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Abstract

Computed tomography(CT) images have played a key role in diagnosing a patient's disease. Therefore, it is an important
procedure to assess the quality of a CT image before a diagnosis by a radiologist. Due to radiation dose, the NR(no-reference)
image quality assessment(IQA) that does not require high-quality images is effective for CT images. Deep learning-based NR
IQA has shown high performance for CT images. However, the conventional method does not use the anatomical structure for
IQA. Therefore, this study suggests an anatomical structure-aware CT IQA model. We designed a model that learns anatomical
structure segmentation and image quality score of the anatomical structure. There was a positive correlation between the ground
truth and the predicted image quality score. We proved that the image quality score was inferred from the anatomical structure,
unlike the conventional IQA method.
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