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Automatic Classification of Normal People and Patients Using Uroflow Curve
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Abstract

Uroflowmetry is one of the most frequently first used tests for patients with urination discomfort. Because
uroflowmetry is noninvasive, inexpensive and simple, uroflowmetry is widely used in urology. From uroflowmetry,
urologists can get uroflow curves. The uroflow curves provide extremely valuable diagnostic data for voiding
dysfunction. In this paper, we propose a deep learning based approach to the automatic classification for
distinguishing normal people from patients who have urination discomfort by considering 805 cases of medical data,
which are confirmed by three highly experienced urologists. The classification performance shows 95.6 % for
accuracy and 0.91 for Cohen’s Kappa.
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