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Abstract

Keeping patients from being distracted while performing motor rehabilitation is important. Here, we suggest a BCI-based
monitoring method using a flickering cursor and target that can evoke a steady-state visually evoked potential (SSVEP) using
the fact that the SSVEP is modulated by a patient’s attention. Fifteen healthy individuals performed a tracking task where the
target and cursor flickered. There were two tracking sessions, one with and one without flickering stimuli, and each session had
two conditions in which each had no distractor, and distractors. An EEGNet was trained as a classifier using only non-D and
both-D conditions to classify whether it was distracted and validated with a leave-one subject-out scheme. The results reveal that
the proposed classifier demonstrates superior performance when using data from the task with the flickering stimuli compared
to the case without the flickering stimuli. Therefore, the proposed method is advantageous because it can reveal a robust and
continuous level of a patient distraction. This facilitates its successful application to the rehabilitation systems that use
computerized technology, such as virtual reality to encourage patient engagement.
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