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Abstract
Extraction of the mandibular third molar (MTM) is the commonly performed operation in the field of oral and maxillofacial
surgery. However, damage to the Mandibular canal (MC) may occur as a complication during MTM extraction. Proximity and
buccal/lingual relation are the most important factors to minimize nerve damage. Therefore, it is essential to classify the relative

positional relationship as well as to confirm its structure.

In this study, we proposed a deep learning based automatic method to segment MTM and MC in CBCT images and classify
their relative positional relationship. We used Unet-based Densel21Unet, which is often used for segmentation of medical
images, for MTM and MC segmentation, and proposed Signed Distance Transform (STD) and 3DCNN method to classify

positional relationships.
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